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*1 Splunk Enterprise: i@ O/ @i -BEY —ILE YT F—F 51V 7 b7 x 7 (https://www.splunk.com/ja_jp/software/splunk-enterprise.html) o
*2 Splunk Machine Language Toolkit(https://www.splunk.com/en_us/blog/machine-learning/deep-learning-toolkit-3-1-examples-for-prophet-
graphs-gpus-and-dask.html),
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Big Thanks to the Community

Recently a DLTK user in Japan built an extension to be able to apply the Ginza NLP library on Japanese
Language text and to make the NLP example work for Japanese. Luckily we were able to get his
contribution merged into the DLTK 3.1 release. I'm really happy to see this community mindset and | want
to thank you, Toru Suzuki-san for your contribution, & D h' &SV ELTE!

Last but not least | would like to thank so many colleagues and contributors who have helped me finish
this release. A special thanks again to Anthony, Greg, Pierre and especially Robert for his continued
support on DLTK and making Kubernetes a reality today!

With the upcoming .conf20 and the recently opened 'Call For Papers' | want to encourage you to submit
your amazing machine learning or deep learning use cases by May 20. Let me know in case you have any

questions!

Happy Splunking,
Philipp

-4 F#E4%Splunk Deep Learning ToolkitBiE X v £—v**

*4  splunk.com."Deep Learning Toolkit 3.1 - Examples for Prophet, Graphs, GPUs and DASK" (https://www.splunk.com/en_us/blog/machine-learning/
deep-learning-toolkit-3-1-examples-for-prophet-graphs-gpus-and-dask.html) o
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